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Executive Summary
 
Boston Consulting Group has put a number on the real driver of enterprise AI 
success, and the number is uncomfortable for most boards (BCG 2025a).

Algorithms account for 10 percent of the work involved in AI transformation. 
Technology and data infrastructure account for 20 percent while the remaining 
70 percent comes from people and processes. People include training and 
enablement, employee involvement, trust building, and change management. 
Processes include workflow redesign, governance, operating models, and 
performance measurement. They determine how work is redesigned around 
AI, the guardrails that keep deployments on track, and the metrics that 
indicate whether value is actually being created.

BCG has used this same distribution since the digital transformation era, 
long before generative AI existed. That 70 percent is the deciding variable in 
whether an enterprise generates measurable AI value, yet it is also the area in 
which most organizations systematically underinvest.

This paper introduces a three-pillar framework for closing the gap between 
AI investment and AI returns, drawing on more than a decade of work at the 
convergence of AI and enterprise transformation (Carter 2025). The culture 
framework rests on change management, data foundation, and business 
outcome discipline, with each pillar anchored by a global enterprise that 
demonstrates disciplined execution at scale.
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Organizations like Qualcomm 
anchor the change management 
pillar, JPMorgan Chase anchors the 
data foundation pillar, and Walmart 
anchors the business outcome pillar. 
Whether measured by McKinsey’s 
finding that only 6 percent of 
organizations report measurable 
financial returns from AI or by BCG’s 
estimate that just 5 percent are 
truly built for the future, the leaders 
consistently occupy the same narrow 
band. They also share the same trait: 
they invested in the 70 percent.

The next twelve months will widen 
the gap between the 5 percent of 
companies generating substantial 
AI value and the 60 percent already 
classified as laggards by Boston 
Consulting Group (BCG 2025b). 
The gap widens because early 
advantages compound: each 
cycle of deployment deepens 
organizational learning, matures 
the data foundation, and refines the 
operating model, and every gain 
accelerates the next, so leaders pull 
away while laggards fall further 
behind. Companies that close the 
gap will do so by rebuilding the 
culture, data infrastructure, and 
operating discipline that turn AI into 
measurable business outcomes.
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“AI operates entirely based 
on the data it has to work 
with, and it’s a system of 
probabilities. All AI models are 
trained on the public internet 
as well as other sources; just 
because something is high 
probability doesn’t mean it’s 
factually correct or appropriate 
to your specific situation. The 
more data of your own you 
provide to AI, the better it will 
tend to behave and the less it 
will hallucinate (which is tech 
speak for making things up).”

Christopher Penn

The Enterprise AI Culture Playbook
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1. 
 
The Enterprise AI Investment Gap
 
The headline numbers on enterprise AI adoption are sobering when 
considered together, and they tell a consistent story across every major 
research firm tracking the field. McKinsey reported in 2025 that 88 percent of 
organizations now actively use AI tools, yet only 6 percent report measurable 
financial results from their AI investments (McKinsey & Company 2025). The 
remaining 94 percent are spending real capital on initiatives they cannot tie 
to revenue, cost reduction, or competitive advantage, which is a structural 
problem of the first order.

8
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 Three quarters of executives, when asked privately, describe their 
company’s AI strategy as more for show than for execution. This is 
not external criticism. It is leadership’s own assessment of its own 
work, and it represents one of the clearest admissions to date that 
AI investment and AI value have decoupled.

Key 
Takeaway 1

Figure 1. WRITER 2026 Enterprise AI Adoption survey findings by respondent group

WRITER’s 2026 Enterprise AI Adoption survey, conducted in partnership with 
Workplace Intelligence, sharpens the diagnosis through executive testimony 
rather than analyst projection (WRITER & Workplace Intelligence 2026). 
The study found that 79 percent of organizations face material challenges 
in scaling AI while 75 percent of executives admit, in their own words, that 
their company’s AI strategy is more focused on appearance than execution. 
Nearly half (48 percent) describe their AI adoption to date as a massive 
disappointment. Together, these findings represent one of the clearest 
indications that AI investment and AI value have become decoupled at the 
executive level.
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Prosci, the change management research firm whose ADKAR model is used by 
approximately 80 percent of Fortune 100 companies, has surfaced a possible 
explanation for that disappointment (Prosci 2025). Nearly two-thirds of AI 
implementation challenges have nothing to do with the technology itself. 
The dominant failure modes are not algorithms, data quality, or computing 
capacity. Instead, Prosci’s analysis points to people, training, trust, and 
the absence of structured change management as the primary causes of 
implementation failure.

Harvard Business Review reached the same conclusion in November 2025, 
arguing that most enterprises struggle to capture real value from AI because 
their people, processes, and politics fail to align around the technology (Li et al. 
2025). Fear of replacement, rigid workflows, and entrenched power structures 
quietly derail AI initiatives, even in companies with advanced technology 
stacks. This pattern appears consistently across major research efforts 
conducted in 2025 and 2026. The bottleneck is cultural, not computational.

A different viewpoint deserves a place in any honest diagnosis because the 
cultural explanation does not account for every failure. Some deployments fall 
short because the workflow itself is poorly suited to current AI capabilities, and 
no amount of change management can redeem a tool that cannot reliably 
perform the underlying task. Starbucks provides a recent illustration of this 
dynamic (Reuters 2026). 

In May 2026, the company retired an AI-powered inventory-counting tool built 
by NomadGo across more than eleven thousand company-operated stores 
in North America, nine months after deploying it under Chief Executive Brian 
Niccol as a centerpiece of the “Back to Starbucks” turnaround strategy. The 
vendor had promised 99 percent accuracy and claimed that it could count up 
to eight times faster than manual methods. The tool was intended to improve 
visibility into store-level shortages, yet it frequently miscounted and mislabeled 
items, confusing similar milk types or failing to recognize them altogether.

The deployment had executive ownership, a clearly defined outcome, and 
a measurable success metric in product availability. That ownership gave it 
the executive sponsorship the change management pillar requires, and the 
push for cleaner shortage data answered to the data foundation pillar. By 
those standards, it satisfied the business outcome discipline that anchors the 
framework’s third pillar.
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It fell short anyway because the computer vision challenge proved more 
difficult in a functioning coffeehouse environment than the vendor’s claims 
suggested. Workers ended up checking nearly every count, so the tool doubled 
the task it was built to remove, and the net value turned negative. The deeper 
lesson is that the shortfall was catchable inside the framework. Section 8.5 
carries the deployment discipline that’s required across all three culture pillars: 
a staged rollout that tested the tool in the messiest real-world conditions and 
measured net value before scaling would have surfaced the miscounting in 
a handful of stores rather than across the entire North American fleet, which 
is exactly what section 8.5 makes explicit. Business outcome discipline set 
the right target; change management secured the sponsorship and data 
foundation framed the goal, and the deployment discipline in section 8.5 is 
what would have caught the mismatch between the workflow and the tool 
before it reached eleven thousand coffeehouses.

The MIT NANDA study reinforces the same caution at scale (MIT Project 
NANDA 2025). Drawing on 52 executive interviews, 153 leader surveys, and 300 
public deployments, the research found that 95 percent of generative AI pilots 
delivered no measurable profit-and-loss impact. Only 5 percent of integrated 
systems generated significant value. 

The lesson for leaders is twofold. The three pillars presented in the paper are 
necessary, and the evidence supports that claim. They are not, however, 
sufficient on their own. Workflow fit and an honest assessment of what 
current AI systems can realistically accomplish are prerequisites that the pillars 
assume rather than guarantee. The discipline to decline a deployment is just 
as important as the discipline to govern one. That principle applies as much to 
tasks AI cannot yet perform reliably as it does to initiatives that lack a named 
owner, a defined outcome, or a clear path to value.

11
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2. 
 
The 70% Rule
 
The 10/20/70 framework from Boston Consulting Group is the single most 
important diagnostic to emerge from the past two years of enterprise AI 
research, and it deserves a place in every board discussion of AI strategy 
(BCG 2025a). Algorithms account for 10 percent of the work involved in AI 
transformation. The technology backbone, including infrastructure, data 
pipelines, and model deployment, accounts for 20 percent. The remaining 70 
percent comes from people and processes. That 70 percent is where enterprise 
AI strategies either compound or collapse, yet it is also where most enterprise 
AI budgets are systematically underfunded relative to the value at stake.

The framework describes where the work concentrates, not a fixed budget 
ratio every organization should hit. Some companies operating at the frontier 
intentionally carry significant infrastructure and model costs. For organizations 
with deeply empowered users and real adoption depth, that allocation may 
be entirely healthy. The misallocation BCG identifies is the more common 
scenario: investment accumulates in models and infrastructure precisely 
because the more difficult work of organizational change, adoption, and 
operating model has never begun.

Most enterprise AI budgets are inverted relative to where value 
compounds. The typical allocation pours capital into the 30 percent of 
algorithms and infrastructure while leaving the 70 percent of people 
and processes underfunded. The companies generating measurable 
AI value have rebalanced their budgets around this insight.

Key 
Takeaway 2
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BCG’s September 2025 Build for the Future report quantified the 
consequences of the misallocation in stark terms (BCG 2025b). Five percent of 
companies globally now qualify as future built for AI, meaning they are at the 
forefront of AI innovation, systematically building cutting-edge AI capabilities 
across functions, and consistently generating substantial value. Thirty-five 
percent are classified as scalers, meaning they are beginning to generate value 
but admitting they could move faster. The remaining 60 percent are classified 
as laggards, reporting minimal revenue and cost gains while lacking the 
capabilities required to scale AI effectively.

The gap between these three tiers is widening every quarter, and the dynamics 
of the next AI wave will widen it further rather than closing it. Generative AI 
produces content in response to prompts, with humans directing each step of 
the process. Agentic AI plans and executes multi-step tasks toward a defined 
objective, calling tools and making decisions with limited human intervention. 
The shift moves AI from a tool that people operate to a system that can 
increasingly operate on their behalf.

Agentic AI, the next layer of enterprise AI capability, already accounts for 17 
percent of total AI value in 2025 and is expected to reach 29 percent by 2028, 
according to BCG’s December 2025 analysis (BCG 2025a). The companies 
that have not yet built the cultural and data foundations required to absorb 
generative AI will be poorly positioned to capture value from agentic AI. The 
foundational requirements remain largely the same. This compounding effect 
is one of the most underappreciated dynamics in enterprise AI strategy and 
one of the single strongest arguments for investing in the three pillars now 
rather than waiting for the next platform shift.

Agentic AI will widen the gap, not close it. The conventional board 
narrative assumes laggards can catch up when the next AI wave 
arrives. The data points in the opposite direction because the 
cultural and data foundations required for agentic AI are the same 
ones required for generative AI. The catch-up window is narrowing, 
not widening.

Key 
Takeaway 3
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The three-pillar framework introduced in this paper is the operational 
response to the BCG diagnostic. Each pillar addresses a specific failure mode 
in the 70 percent, and each is anchored by an enterprise that has executed the 
approach at scale. The goal is to provide leaders with real operating models 
rather than theoretical constructs.

Figure 2. The Enterprise AI Culture Playbook framework, anchored by the BCG 70% Rule
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“AI is not the hard part. 
People only build what 
they believe AI can do, 
and belief comes from 
seeing it work in their 
day-to-day. Doing the 
same work faster is the 
floor. The growth comes 
when people build what 
wasn’t possible before. 
We can’t reimagine the 
future by automating 
the past.”

Liza Adams

The Enterprise AI Culture Playbook
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3. 
 
Pillar One: Change Management
 
3.1 Anchor Case: Qualcomm with WRITER

Most enterprises treat AI adoption as a waterfall software rollout, which is 
precisely why most enterprises struggle to extract meaningful value from their 
AI investments. The default playbook is familiar: procure the license, distribute 
the training email, measure user logins, and declare victory at the first sign 
of activity. None of those steps, however, fundamentally changes how work 
gets done. AI adoption that fails to redesign the underlying workflow cannot 
produce the productivity gains that justified the investment in the first place. 
Agile and lean methodologies, built around fast iteration and close attention to 
user needs, are far more likely to surface operating model gaps early while they 
remain inexpensive to correct.

Qualcomm took a different approach in partnership with WRITER, treating the 
rollout as a cultural redesign rather than a software installation (Qualcomm & 
WRITER 2025). They started with a pilot in marketing and communications, 
where participants expressed a desire to keep using the platform full-time. 
From there, the company scaled adoption through cohort-based training, 
office hours, and hands-on use-case workshops, the opposite of a one-time 
training email.
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The semiconductor leader rolled out AI capabilities to hundreds of users 
across marketing, communications, legal, product, analytics, sales, learning 
and development, and human resources. Along the way, the organization 
vetted more than twenty-five distinct use cases and codified seventy unique 
workflows. Context and workflow design sat at the center of the effort, which is 
precisely the layer many enterprise leaders skip.

The result, as reported in the WRITER 2025 enterprise adoption case study, was 
approximately 2,400 hours of recovered productive time each month across 
participating users, or roughly 29,000 hours annually. Those gains materialized 
because the work itself was redesigned, not because more employees logged 
into a platform.

The Qualcomm case is instructive less for what it includes than for what 
it omits because the omissions reveal where the discipline actually lives. 
There is no hero algorithm, no proprietary model, and no claim of ten times 
productivity gains anywhere in the case study, which is unusual for a vendor-
centered adoption narrative. What the case does include is the disciplined 
work of identifying use cases, redesigning workflows, training employees 
across functions, and measuring recovered hours. Together, those activities 
constitute change management executed as an operating model rather than 
as a slide in a steering committee deck.

3.2 Practitioner Insight

Liza Adams, founder of GrowthPath Partners and an AI advisor to companies 
including Klaviyo, Cox Automotive, and WP Engine, makes a similar point 
(Adams 2026). She advises leaders rolling out AI to commercial teams to stop 
pushing tools and start demonstrating the work itself.

17
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3.3 Why This Pillar Matters

Prosci’s 2025 research on AI 
implementation failure makes the 
structural case for treating change 
management as a board-level 
discipline rather than a training 
function (Prosci 2025). With nearly 
two-thirds of AI implementation 
challenges rooted in people-related 
issues, even the most advanced 
AI platform will be underutilized, 
mistrusted, or rejected if structured 
change management efforts do 
not run in parallel to the technology 
deployment. The Qualcomm 
playbook is replicable across 
industries and enterprise sizes, and 
the required investment is modest 
relative to the cost of enterprise AI 
licenses that sit underutilized on 
employees’ desktops.



The Enterprise AI Culture Playbook

19

4. 
 
Pillar Two: Data Foundation
 
4.1 Anchor Case: JPMorgan Chase

Every enterprise AI conversation eventually crashes into data. Most executive 
teams acknowledge its importance, assume their data foundation is adequate, 
and move on to more interesting questions about model selection. The 2026 
Informatica data leader survey reveals why that assumption is dangerous, and 
the dangerous part is not what most leaders expect (Informatica 2026). Sixty-
five percent of employees believe the data behind their AI systems is solid, yet 
75 percent of data leaders say those same employees require serious upskilling 
in data literacy. Seventy-four percent say they also require AI literacy.

The data risk in enterprise AI is not simply poor-quality data. 
It is the confident trust in unproven data. Sixty-five percent of 
employees believe the data is solid while 75 percent of data leaders 
say those same employees lack the literacy to evaluate it. The gap 
between perceived data quality and actual data readiness is where 
enterprise AI projects die, and most executives are not aware that 
the gap exists in their own organization.

Key 
Takeaway 4
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JPMorgan Chase operates on the opposite premise, and the contrast with most 
enterprises is instructive (JPMorgan Chase 2025). The firm runs more than 450 
AI use cases in production and has stated its intention to expand that number 
to 1,000 by the end of 2026. More than 200,000 employees were onboarded 
to internal AI tools within an eight-month window. Those numbers are not 
achievable without disciplined data foundation work running underneath 
every use case. The structural commitments JPMorgan has made to enable 
that work are visible in how the firm has organized its data leadership at the 
executive level. 

Mark Birkhead, firmwide chief data officer at JPMorgan Chase, has been 
explicit about this operating model in interviews and industry coverage 
(Markets Media 2025). The firm established a centralized Chief Data and 
Analytics Office in 2024, with all data initiatives now sitting under that single 
umbrella rather than scattered across business units. The chief data and 
analytics officer reports directly to Jamie Dimon and serves on the operating 
committee. One of the office’s primary responsibilities is modernizing 
enterprise data so it can be published in a form that is consistent, governed, 
and consumable by large language models.

The same fit-for-purpose discipline shows up in what JPMorgan keeps 
away from large language models. In core financial calculations, identical 
questions must produce identical answers. Repeatability is non-negotiable, 
which means probabilistic models cannot serve as the sole decision-maker 
layer. Independent research is blunt about why: language models configured 
for deterministic output still swing in accuracy by as much as 15% across 
identical runs (Atil et al. 2024). The institutions extracting real value pair model 
capabilities with deterministic validation and reserve language models for 
the tasks they actually fit while the broader market pushes them into every 
workflow regardless (Daloopa 2026).

It is worth noting what sits alongside that structure. Dimon also brought tens 
of thousands of employees back to the office five days a week, defending it as 
an apprenticeship culture built on mentorship and collaboration. He has not 
framed that as an AI decision, yet proximity and culture are the raw material 
every change management effort runs on, and a firm this deliberate about the 
70% is unlikely to see the two as unrelated.
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The most consequential JPMorgan AI decision was a structural one. 
In most enterprises, data leadership is buried three layers down in 
IT. JPMorgan’s chief data and analytics officer reports directly to 
the chief executive and serves on the operating committee, which 
is proof that data must sit at the executive table for AI to scale. The 
structure is replicable, and it is the single highest leverage move 
most boards have not yet made.

Key 
Takeaway 5

4.2 Why This Pillar Matters

The compounding cost of a weak data foundation is one of the most 
underappreciated risks in enterprise AI, and that risk compounds nonlinearly 
as AI deployment scales. Each additional AI use case deployed on top of brittle 
data multiplies the surface area for error, hallucination, and reputational 
exposure, which means the marginal cost of weak data rises faster than the 
marginal benefit of each new use case.

Enterprises that build the data foundation first, as JPMorgan has done, 
can scale use cases linearly while enterprises that deploy AI on top of an 
inadequate data foundation face exponentially compounding risk at every 
additional deployment.

21
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5. 
 
Pillar Three: Business Outcome Discipline
 
5.1 Anchor Case: Walmart

The third pillar separates real strategy from performance theater. For any 
enterprise AI initiative, the diagnostic question is direct: Is this deployment 
producing a measurable business outcome that the CFO can verify on the 
income statement, or is it producing an executive talking point that lives only 
in board materials?

In most enterprises, the honest answer is the latter. AI work that looks 
impressive in a press release but never reaches the financials is what 
executives now call theater, activity staged for an audience rather than results 
delivered to the business. The WRITER survey finding, with 75 percent of 
executives describing their own AI strategy in exactly those terms, landed with 
force for that reason.

Walmart’s fiscal 2026 fourth-quarter earnings show what the alternative looks 
like (Walmart Inc. 2026). The company reported $713 billion in full-year revenue, 
up 4.7 percent year over year. Automation efforts in inventory management 
were credited as a material driver of sales performance, even as the company 
absorbed tariff-related headwinds through the year. The framing from Chief 
Executive John Furner provides the operational marker that distinguishes 
outcome discipline from performance theater (Furner 2026).

Furner did not lead his discussion of AI with the technology itself. He led 
with the customer experience that the technology enables. In his remarks to 
investors, Furner explained that the way Walmart is using technology and AI is 
helping the company create better customer solutions, reduce friction, simplify 
decision-making, and pinpoint inventory locations, all while maintaining the 
trust it has earned from customers and members.



The Enterprise AI Culture Playbook

23

Each of those outcomes is expressed in business terms rather than 
technological ones. Customer friction is reduced. Inventory accuracy is 
improved. Customer trust is preserved. Those are the measures of value 
Walmart is willing to be held accountable for.

5.2 Why This Pillar Matters

The WRITER 2026 survey finding that 75 percent of executives describe their 
AI strategy as more for show than for execution may be the most damaging 
admission in the current enterprise AI landscape, and the only durable 
corrective is outcome discipline executed at the deployment level (WRITER & 
Workplace Intelligence 2026).

Every AI deployment should be tied to a specific business outcome, with 
named ownership, named metrics, and a named review cadence. The 
Walmart framing of AI as customer outcome infrastructure provides a practical 
operating model.

Any deployment that cannot be tied to a measurable business outcome should 
be challenged before it is approved, and any deployment that cannot survive 
that scrutiny probably should not be deployed in the first place, and any 
deployment that cannot survive that scrutiny probably should not be deployed 
in the first place. The discipline of refusing to ship undisciplined deployments is 
the most leverageable behavior a chief executive can introduce.

23

The Walmart framing of AI as customer outcome infrastructure is 
the diagnostic test for outcome discipline. AI that cannot be tied to 
a named outcome, a named metric, a named owner, and a named 
review cadence should not be deployed. The Walmart case is 
replicable because the discipline is structural, not industry-specific.

Key 
Takeaway 6
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6. 
 
The AI Hollowing Risk
 
A distinct failure mode is emerging across enterprises that have deployed 
AI without first investing in the three pillars, and it deserves its own name 
because it is structurally different from healthy workforce evolution. The 
pattern is layoffs without redesign: cuts remove headcount while leaving the 
underlying workflows untouched. The result is a hollow organization that 
cannot absorb AI productively because the institutional knowledge required to 
direct AI was removed alongside the people who held it.

The data now confirms this is happening at scale. A February 2026 
Careerminds survey of 600 HR professionals found that two in three employers 
who cut jobs for AI are already rehiring, often within months, and nearly a 
third reported losing critical skills and expertise in the process. Forrester 
puts employer regret at 55 percent. Only 8.4 percent of companies said their 
restructuring delivered on its promises.

This pattern is best described as AI Hollowing, a term I coined to capture 
what the numbers were revealing before they had a name. The term matters 
because it isolates the mechanism. The organization is not shrinking in a 
healthy, deliberate way; it is being hollowed out from the inside, with the load-
bearing knowledge removed while the organizational shell remains.

Healthy workforce evolution follows a different sequence. Organizations invest 
in the three pillars first. They redesign workflows second. They redeploy talent 
into higher-value work third. The sequence matters because redesign and 
redeployment depend on institutional knowledge that is still present inside 
the organization. AI Hollowing reverses that order. It cuts first and hopes AI fills 
the gap afterward. The AI almost never fills that gap because the workflows 
it was expected to absorb were never redesigned to be absorbable in the first 
place.
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Recent moves at Meta, Intuit, and Starbucks illustrate the variance in how 
enterprises are navigating this risk, and the market is reading the signals 
differently depending on whether the underlying culture and data work has 
been done.

Meta and Intuit announced roughly eleven thousand combined job reductions 
in 2026, though they framed them very differently: Meta tied its cuts to AI-
driven efficiency gains and reorganized remaining employees into AI-focused 
units. Intuit’s CEO, by contrast, attributed its 17 percent workforce reduction to 
organizational simplification and explicitly said that the decision had nothing 
to do with AI.

Starbucks, meanwhile, provides a different example. The company retired an AI 
inventory system deployed across more than eleven thousand stores because 
employees still had to verify every scan manually, effectively doubling the task 
rather than reducing it. At the same time, Starbucks continues to roll out other 
AI tools across the business

The diagnostic question for any enterprise considering AI-driven workforce 
reductions is whether the three pillars have already been built because 
workforce reductions are sometimes genuinely necessary. However, reductions 
made before work itself has been redesigned tend to remove capacity without 
removing the underlying workload. That is hollowing rather than productivity.

Done well, the sequence runs the other way: redesign the workflow first, 
confirm where capability is genuinely freed up, and then resize and redeploy 
talent into higher-value work. When that sequence is followed, the savings are 
real, and the downstream cost of AI hollowing is avoided.

AI Hollowing is a distinct failure mode that boards are not yet 
pricing into workforce decisions. Layoffs justified by projected AI 
productivity gains, without the workflow redesign occurring first, 
create organizations that cannot absorb AI. The projected savings 
often reverse because the institutional knowledge required to direct 
AI was removed alongside the people who held it.

Key 
Takeaway 7
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Independent research from Trust Insights, McKinsey, and Gartner confirms a 
consistent finding across the analyst landscape (McKinsey & Company 2025). 
Enterprises that move AI from pilots to production processes report an average 
return on investment of approximately 1.7 times, with cost savings in supply 
chain, finance, and customer operations now in the 26% to 31% range.

7. 
 
Compounding Economic Stakes
 
The widening gap between AI leaders and laggards has now reached the 
point where the difference is measurable in revenue growth, total shareholder 
return, and operating margin. The gap is no longer a forward-looking 
projection from analysts. It is showing up in reported financial performance.

PwC’s 2026 AI predictions report found that visionary AI players are now 
reporting 1.7 times higher revenue growth, 3.6 times higher three-year total 
shareholder return, 2.7 times higher return on invested capital, and 1.6 times 
higher EBIT margin relative to laggards (PwC 2026). The performance gap has 
moved from forecast to financial fact, and it is visible on the balance sheet of 
companies that have built the three pillars, and those that have not.

The performance gap between AI leaders and laggards is already 
on the balance sheet. PwC’s 2026 data show visionary AI players at 
1.7 times higher revenue growth, 3.6 times higher three-year total 
shareholder return, and 1.6 times higher EBIT margin relative to 
laggards. This is a present financial fact, not a future forecast, and 
it changes how boards should evaluate AI investment in capital 
allocation decisions.

Key 
Takeaway 8
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Forty percent of these enterprises 
expect positive yields within one 
to three years while another  35 
percent expect returns within 
three to five years. which means 
three quarters of enterprises that 
build the three pillars and move 
to production should expect 
measurable financial returns 
within a five-year horizon.

The compounding dynamic is 
critical for board-level planning 
because the gap between the 5 
percent of future-built companies 
and the 60 percent of laggards 
is not closing; it is widening 
every quarter (BCG 2025b). Every 
quarter spent optimizing the 
10 percent of algorithms while 
underinvesting in the 70 percent 
of culture extends the gap further, 
and the window for catch-up 
investment is closing faster than 
most enterprise strategic plans 
assume.

The strategic implication for 
boards is direct: the cost of 
inaction now exceeds the cost 
of structured investment in the 
three pillars. The longer the 
inaction continues, the larger the 
gap to close becomes, and the 
more expensive it is to close.
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8. 
 
The Path Forward for Executive Leadership
 
The recommendations that follow are oriented to the C-suite and the board. 
They are deliberately structural rather than tactical because the tactical 
work belongs to functional leaders. The structural work belongs to the chief 
executive and the board, and the five moves below represent the structural 
decisions that distinguish the 5 percent of future-built enterprises from the 
60 percent of laggards.

8.1 Restructure for the Three Pillars

Each of the three pillars requires named executive ownership at the operating 
committee level. That ownership cannot be delegated to functional leaders 
without losing the structural leverage that makes the framework work.

Change management should sit with a senior leader empowered to redesign 
workflows across functions rather than with a training function inside human 
resources, where the authority to redesign work often does not exist. Data 
foundation should sit with a chief data and analytics officer reporting directly 
to the chief executive, following the JPMorgan model. Business outcome 
discipline should sit with the chief operating officer or equivalent, with explicit 
accountability for tying every AI deployment to a named metric.
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8.2 Audit the 70%

The diagnostic exercise most enterprises have not yet undertaken is a 
structured audit of where current AI investment is being allocated against 
the BCG 10/20/70 framework, and the audit can usually be completed within a 
single quarter (BCG 2025a).

The expected finding in most enterprises is dramatic underinvestment in the 
70 percent, with the bulk of spend concentrated in models, infrastructure, 
and vendor contracts rather than in change management, data foundation, 
and outcome discipline. The corrective is to rebalance the next budget cycle 
around people, processes, and operating models rather than around model 
selection and infrastructure procurement, which is a board-level decision 
rather than a functional one.

8.3 Tie Every Deployment to a Business Outcome

No AI deployment should proceed without the following elements in place. 
The discipline of refusing to ship undisciplined deployments is one of the most 
leverageable behaviors a chief executive can introduce into the AI program:

 	y A named business outcome
 	y A named metric
 	y A named owner
 	y A named review cadence 

The Walmart framing of AI as customer outcome infrastructure is the 
operational model, and the model is industry agnostic (Walmart Inc. 2026). 
Any deployment that cannot pass these four criteria is unlikely to deliver 
measurable value and should be deferred until the criteria can be met because 
the cost of shipping undisciplined deployments compounds across the 
portfolio as quickly as the cost of a weak data foundation compounds across 
use cases.

These four criteria decide whether a deployment is worth pursuing. Section 8.5 
governs how to roll it out without betting the enterprise on an unproven tool.
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8.4 Avoid AI Hollowing

Workforce reductions tied to AI 
productivity claims should be 
paused until the three pillars are 
in place because the downstream 
cost of hollowing materially 
exceeds the upfront savings of the 
reduction. Gartner’s 2026 research 
points the same way, finding that 
the firms capturing the most AI 
value were not necessarily the ones 
cutting the most. The strongest 
returns came from amplifying 
workers rather than replacing 
them.

The structural response is to make 
AI-driven workforce reductions 
conditional on a documented 
audit of the three pillars, with 
the chief executive personally 
accountable for the audit and the 
board reviewing the audit before 
approving the reduction.
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8.5 Stage the Rollout and Scale on Proof

The three pillars define the foundations an enterprise builds before it deploys. 
They do not, by themselves, govern the act of deploying, and the Starbucks 
inventory case shows what that gap costs. That deployment had executive 
ownership, a named outcome, and a clear metric, which means it would 
have passed the five criteria in section 8.3. Yet it scaled to more than eleven 
thousand stores before anyone confirmed the tool produced net value in 
a working coffeehouse environment. The missing discipline was staged 
validation. The pilot threshold was never set high enough to catch a tool that 
doubled the counting task rather than removing it.

Deployment discipline closes that gap, and it runs across all three pillars rather 
than replacing any of them. Five practices operationalize it:

 	y Stage every rollout through defined gates, piloting in a representative 
sample of the messiest real-world conditions before any fleet-wide scale.

 	y Set the success bar and the stop criteria before the pilot begins, and define 
value as net of the human cost the tool creates, including verification and 
rework.

 	y Test under worst-case operating conditions rather than vendor 
demonstration conditions because the distance between the two is where 
deployments fail.

 	y Wire frontline feedback into the go or no-go decision since the people 
doing the work see the failure first.

 	y Time-box each gate. A multi-quarter, full-scale deployment that is later 
retired is evidence that the gate was never truly there. 

Evidence earns the rollout. A deployment proves itself by clearing the pilot 
bar under real operating conditions, and the discipline of holding the line at 
the gate is what converts a hard-task failure from a fleet-wide write-off into an 
inexpensive lesson learned in a handful of stores.

31
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9. 
 
A Leadership Charge
 
The question facing every enterprise executive in 2026 is not whether to 
deploy AI because that question was answered two years ago by competitive 
pressure and capital markets. The actual question is whether the cultural, data, 
and outcome discipline of the enterprise is ready to absorb AI at scale and 
convert it into compounding value over a multi-year horizon. The companies 
that answer affirmatively will continue to widen the gap while the companies 
that defer the answer will continue to fall behind on the measurable financial 
metrics that boards and investors are now tracking.

Linda Du, founder and chief executive of Moola Money and managing director 
of Okta Investment in Berlin, framed the leadership posture required for this 
moment with unusual clarity in her Thrive Global conversation (Du 2025). Du 
argues that leadership starts with self-discipline and the ability to set a vision 
and execute it step-by-step. Leaders should not wait for permission. If there 
is an idea or a vision present, the right move is to start now rather than wait 
for the conditions to feel safer. European founders building AI ventures from 
scratch are operating on that clock, and global enterprises should be operating 
on the same clock because the window for repositioning around the three 
pillars is narrower than most strategic plans assume.
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The technology is ready, the 
infrastructure is ready, and the 
models are ready, which means 
none of the three is the constraint 
on enterprise AI value creation 
in 2026. The remaining question, 
the one that will determine which 
enterprises emerge from this 
decade as future built and which 
will be reclassified as laggards, is 
whether the culture is ready to 
absorb what the technology now 
makes possible. The framework 
introduced in this paper is the 
operational answer to that 
question, and the five structural 
recommendations are the moves 
a chief executive can make this 
quarter to begin closing the 
gap before the gap becomes 
uncatchable.

AI first, human always. AI creates 
the possibility; people create the 
value.
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